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Abstract 

This literature synthesis examines the philosophical doctrines of psychological 

egoism and ethical egoism while exploring their relevance to the integration of 

artificial intelligence (AI) in contemporary decision-making. Psychological 

egoism asserts that all human actions are ultimately motivated by self-interest, 

while ethical egoism normatively prescribes that individuals ought to pursue 

their own long-term advantage. While psychological egoism explains 

clinicians’ coping responses as a tendency toward self-preservation under 

pressure or stress from surveillance, as one contrasting example, ethical egoism 

emphasizes aligning self-interest with patient welfare and professional ethical 

standards. 

The study critically evaluates both theories, highlighting conceptual 

weaknesses such as internal inconsistency, arbitrariness, and the inability to 

resolve conflicts of interest. It further considers hedonistic and relativistic 

strands of egoistic thought, including Sophistic perspectives, to demonstrate 

how subjectivism and power-based reasoning can undermine stable ethical 

standards. The research gap lies in the lack of a clear theoretical and practical 

framework that integrates psychological and ethical egoism with broader 

ethical responsibilities to guide organizations in designing, governing, and 

implementing AI systems that balance self-interest with sustainable 

performance and stakeholder well-being. 

The analysis connects these classical theories to modern AI systems, 

which frequently operate on optimization models resembling egoistic 

reasoning to maximize profit, efficiency, engagement, and strategic advantage. 

While AI can effectively model self-interested behavior and predict incentive-

driven decisions, reliance on purely egoistic frameworks risks reinforcing bias, 

competitive instability, and ethical erosion. The study argues that responsible 

AI integration, in addition to regular human oversight of all outputs, requires 



718 

 

embedding normative principles such as fairness, accountability, and long-

term social welfare into algorithmic systems. Ultimately, classical debates 

about egoism illuminate critical challenges in aligning AI-driven decision-

making with ethical responsibility in complex, pluralistic societies. 
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Introduction 

The rapid integration of artificial intelligence into modern workplaces has 

transformed decision-making, productivity, and organizational culture across 

the globe (Salas-Pilco & Yang, 2022). As shown in Table 1, AI is being used 

in many industries which impact millions of people in the modern era. It is clear 

that “Artificial intelligence is no longer a futuristic concept or a tool reserved 

for tech companies. It’s already embedded in our daily lives, from helping 

organize emails to providing shopping recommendations” (Barbri, 2025, para. 

1). All this workplace transformation is taking place as modern generations are 

virtually connected to various social media platforms on a consistent basis to 

pursue information, instant gratification, and/or happiness (Berezan et al., 

2018). As such, modern leaders and managers must reflect on the ethical 

ramifications of what AI means for each employee’s career and profession.  
 

Table 1 – AI usage Examples in the Various Industries 

 

Private Sector Uses of AI Public Sector Uses of AI 
1 Customer service chatbots & virtual 

assistants 

2 Personalized marketing & 

recommendations 

3 Fraud detection in banking & finance 

4 Supply chain optimization & demand 

forecasting 

5 Predictive maintenance in manufacturing 

6 AI-driven hiring & HR analytics 

7 Product development & design automation 

8 Financial trading algorithms 

9 Cybersecurity threat detection 

10 Sales forecasting & business intelligence 

1 Public safety & crime prediction 

2 Traffic management & smart city planning 

3 Healthcare diagnostics in public hospitals 

4 Disaster response & emergency management 

5 Tax fraud detection & revenue collection 

6 Social service eligibility & benefits 

processing 

7 Urban planning & infrastructure optimization 

8 Border control & immigration processing 

9 Environmental monitoring & climate 

analysis 

10 Education personalization in public schools 
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As intelligent systems increasingly support hiring, performance evaluation, 

medical operations, military operations, customer service, and strategic 

planning, questions about human motivation, learning, teaching, and ethical 

responsibility have become more urgent (Crittenden and Crittenden, 2016; 

Mujtaba, 2026; Tsipursky, 2026a). Although human behavior is a complex 

multidimensional phenomenon, traditional philosophical frameworks such as 

psychological egoism and ethical egoism offer valuable insights into how 

individuals and organizations behave when self-interest, efficiency, and 

competitive advantage are at stake (Fehr & Fischbacher, 2003). As emphasized 

by practicing professionals, modern organizations will use AI to enhance their 

competitiveness using fewer employees in the years and decades to come 

(Tsipursky, 2026b):  

“Generative AI is revolutionizing marketing faster than most business 

leaders ever imagined. During a recent scenario planning session with 

a 300-person B2C firm, I guided their executive team through a series 

of simulations that forecast what their marketing operations might look 

like in the coming years. We explored both rosy and ominous 

possibilities, including challenges and risks, and settled on the most 

likely scenario, informed by the current trends in Gen AI deployment: 

a transformative path that reduces an initial team of just under 30 

marketers down to one solitary professional by 2030. See it as a wake-

up call for business leaders seeking to stay ahead of the curve while 

preserving the enduring power of their brand.” 

“A brand thrives when it resonates with genuine emotion and cultural 

awareness of its customers. That resonance depends on empathy—a 

trait that, in our scenario, machines imitate more effectively each year 

but never entirely replace. Someone must also take responsibility when 

AI missteps. Our workshop participants recognized that the lone 

marketer who remains in 2030 wields enormous influence as the 

conscience of the automated machine. This person ensures the brand’s 

vision remains consistent while harnessing the full force of generative 

AI” (Tsipursky, 2026b, para. 3-8). 

It is certain that AI will greatly assist or even replace human beings in many 

white-collar professions, including countless decisions made by human 

resources management (HRM) professionals. If AI eventually replaces roles 

within HRM, it will not be solely because the technology has become 

overwhelmingly powerful, but rather because the profession has failed to adapt 

and redefine its value. AI is exceptionally effective at processing large volumes 

of data in all professions, identifying patterns, automating administrative tasks, 

and generating predictive insights that can improve efficiency and decision-

making (Russell, 2019). However, the core purpose of HRM has never been 

limited to paperwork, compliance, or data management. At its core, HRM is 
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about understanding people, their motivations, emotions, aspirations, and 

challenges.  

AI competency is becoming increasingly important for human resource 

(HR) leaders as many contemporary HR systems now rely on data analytics, 

automation, and algorithmic decision-support tools. As organizations adopt 

advanced HR technologies, leaders who understand the basic principles behind 

AI systems are better positioned to interpret the outputs these tools generate and 

to integrate them effectively into strategic decision-making processes (Mujtaba, 

2024). Rather than relying solely on intuition or past practice, AI-literate HR 

professionals can leverage data-driven insights to inform decisions related to 

recruitment, workforce planning, employee engagement, and performance 

management. In this way, AI does not replace human judgment but instead 

augments it by identifying patterns, correlations, and trends that may not be 

easily detectable through manual analysis alone (Floridi, 2019; Turing, 1950; 

Yang et al., 2018). In addition to improving analytical decision making, AI 

competency also allows HR leaders to critically evaluate the strengths and 

limitations of the technologies they implement. Understanding how AI models 

process data, the types of datasets they rely on, and the potential for algorithmic 

bias enables HR professionals to use these tools more responsibly, ethically, 

and effectively. As HR increasingly operates at the intersection of technology, 

ethics, and organizational strategy, leaders who possess a working knowledge 

of AI are better equipped to ensure that technological systems align with 

organizational values, legal requirements, and principles of fairness. A clear 

example of this need can be seen in the growing use of AI-enabled tools in the 

recruitment and selection process. Many organizations now employ automated 

systems to screen large volumes of resumes, identify relevant qualifications, 

and rank candidates according to predefined criteria. HR leaders who 

understand how these systems function can more effectively evaluate whether 

the algorithms accurately identify qualified applicants and whether the 

underlying criteria reflect the organization’s hiring priorities. More importantly, 

AI-literate HR professionals are better able to monitor these systems for 

unintended biases that could systematically disadvantage certain groups of 

candidates. 

By combining technological understanding with professional judgment, 

HR leaders can audit all outputs to ensure that AI tools serve as supportive and 

ethical decision aids rather than unexamined authorities. For example, an 

informed HR leader should periodically audit algorithmic screening outcomes, 

adjust training data or criteria when necessary, and maintain human oversight 

in final hiring decisions (Gradwohl and Mujtaba, 2025). This balanced 

approach allows organizations to benefit from the efficiency and analytical 
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power of AI while preserving fairness, transparency, and accountability in HR 

practices. Therefore, developing AI competency among HR professionals is 

becoming a critical component of effective leadership and responsible 

management in modern organizations. As AI technologies continue to expand 

across talent management, workforce analytics, and employee experience 

platforms, HR leaders who possess both technological literacy and strong 

ethical awareness will be better positioned to harness these tools responsibly 

and strategically. Such competency enables HR departments not only to 

improve operational efficiency but also to contribute more meaningfully to 

organizational decision making and long-term values-driven development 

(Pohlman and Gardiner, 2000). 

While AI can analyze employee engagement metrics or suggest 

performance trends, it cannot truly comprehend lived human experience, 

workplace dynamics, cultural intricacies, or the subtle interpersonal factors that 

shape organizational life. Empathy, ethical judgment, trust-building, and the 

ability to navigate complex human conversations remain distinct human 

strengths that cannot always be replicated effectively by AI (Mujtaba, 2026). 

Therefore, the future of most professions, especially HR, depends not on 

competing with AI, but on evolving alongside it as we leverage technology to 

handle routine processes while elevating the uniquely human aspects of 

leadership, culture, and employee development that no system can realistically 

replicate. As such, AI must be monitored through structured audits and properly 

regulated to make ethical recommendations.  

Psychological egoism suggests that individuals naturally act in ways that 

promote their own perceived interests. Ethical egoism argues that individuals 

and institutions ought to pursue their self-interest. In AI-driven environments, 

these perspectives help explain behaviors such as data optimization for profit, 

automation for cost reduction, and strategic use of AI for competitive 

positioning. At the same time, the widespread use of AI raises concerns about 

fairness, transparency, employee well-being, and social responsibility. This 

paper examines egoistic theories in the context of AI-enabled workplaces and 

evaluates their ethical implications for modern organizations.  

The proposed exploratory research question is: How can organizations 

reconcile psychological and ethical egoism with broader ethical responsibilities 

in the design, governance, and implementation of AI systems to promote 

sustainable organizational performance and stakeholder well-being? More 

specifically, can a synthesis of psychological and ethical egoism explain and 

guide the ethical integration of AI in organizations, particularly in fostering 

governance, human-centered design, and stakeholder-oriented decision-

making?  
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Literature Review  

Recent literature on AI ethics and management highlights the growing need 

for organizations to move beyond abstract ethical principles toward actionable 

governance and decision-making frameworks that address real-world 

complexities (Demir et al., 2025). For instance, emerging research shows that 

while AI systems enhance productivity and efficiency, they can also 

unintentionally promote unethical employee behavior, particularly when 

performance pressures and muddy algorithms reinforce self-interested actions 

without adequate oversight (Chan et al., 2025). Similarly, scholars emphasize 

that the integration of AI into organizational decision-making demands a 

careful balance between innovation and accountability, requiring transparency, 

explainability, and ethical safeguards to prevent harm and maintain stakeholder 

trust (Iyer et al., 2025). Broader reviews of AI ethics further indicate that 

although numerous ethical frameworks exist, their practical implementation 

remains inconsistent, revealing a gap between ethical intent and organizational 

practice (Zhao et al., 2025). These findings collectively suggest that 

management implications center on embedding ethics and conceptual skills into 

governance structures, aligning AI deployment with organizational values, and 

fostering a culture of responsibility that mitigates risks while sustaining long-

term performance (Mujtaba, 2025a). 

Egoism theory is particularly useful for analyzing AI-driven workplaces 

because it provides a realistic lens for understanding how organizational 

decisions around AI adoption, deployment, and governance are often motivated 

by self-interest, such as efficiency gains, cost reduction, and competitive 

advantage, while also offering a normative basis for evaluating whether such 

self-interest can be ethically justified. By distinguishing between psychological 

egoism (what organizations are likely to do) and ethical egoism (what they 

ought to do in pursuit of their interests), the theory helps explain tensions 

between profit-driven AI strategies and broader responsibilities to employees 

and stakeholders. This study offers a novel perspective by synthesizing these 

two strands of egoism into an “enlightened egoism” framework for AI 

management, in which self-interest is reframed as inherently linked to long-

term sustainability, ethical governance, and stakeholder well-being. Rather than 

positioning ethics as a constraint on organizational behavior, the framework 

positions responsible AI practices, such as transparency, human-centered 

design, and stakeholder engagement, as strategic mechanisms through which 

organizations can align self-interest with ethical outcomes in AI-driven 

environments. 
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Modern managers and working professionals should study the impact of 

AI on psychological and ethical egoism because it can significantly influence 

decision-making in the workplace. AI systems which are designed to optimize 

outcomes often rely on patterns and data that can perpetuate biases and 

prioritize efficiency over human well-being. Reflecting on how AI interacts 

with psychological egoism, or the tendency to prioritize self-interest, can help 

professionals recognize potential pitfalls, such as AI-driven decisions that favor 

short-term gains over long-term consequences or individual benefits over 

collective well-being. It has been said that, 

“The rapid advancement of generative AI presents both a tremendous 

opportunity and a significant challenge for organizations. To fully 

capitalize on this transformative technology, leaders must prioritize 

continuous learning and development, ensuring their workforce 

possesses the skills and knowledge necessary to navigate this evolving 

landscape. By doing so, leaders will empower employees to embrace 

innovation and drive organizational success” (Tsipursky, 2026a, para. 

1). 

 

By empowering the workforce to embrace innovations and technology 

while examining the intersection of AI and ethical egoism, managers can 

develop strategies to mitigate risks and ensure AI-driven decisions align with 

organizational values and social responsibility (Mujtaba, 2024). This 

knowledge enables professionals to design AI systems that promote ethical 

decision-making, fairness, transparency, and accountability, ultimately 

fostering trust among employees, customers, and stakeholders. It also 

encourages professionals to consider the human impact of AI-driven decisions, 

balancing business objectives with empathy, trust, sustainability, and ethics 

(Tsipursky, 2026). 

Psychological egoism describes human motivation as fundamentally self-

interested. In organizational settings, this perspective aligns with incentive-

driven performance systems, career advancement strategies, and productivity 

monitoring tools powered by AI analytics. Employees may adapt their behavior 

to maximize ratings, bonuses, or job security, especially when AI systems 

quantify performance metrics (Russell, 2019). 

Ethical egoism extends this logic into a normative framework, suggesting 

that individuals and firms should act in ways that maximize their long-term 

benefit (Cavico and Mujtaba, 2013). In business practice, this often translates 

into profit maximization, operational efficiency, and market dominance through 

technological innovation. AI adoption frequently reflects this reasoning, as 

organizations deploy automation, predictive analytics, and decision-support 

systems to reduce costs and increase output.  
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However, contemporary scholarship in technology ethics highlights 

limitations of egoistic approaches. Research on algorithmic bias, workplace 

surveillance, and digital inequality suggests that exclusive focus on self-interest 

may harm some employees, customers, and society. Studies on the algorithmic 

bias demonstrate that when AI systems are designed primarily to maximize 

efficiency, profit, or competitive advantage, they can unintentionally perpetuate 

discrimination and inequality (Eubanks, 2018; O’Neil, 2016; Zuboff, 2019). 

Biased training data, unclear modeling techniques, and insufficient oversight 

may lead to unfair outcomes in hiring, promotion, credit approval, insurance 

pricing, or customer targeting. When organizations prioritize performance 

metrics without scrutinizing social impact, marginalized groups may bear 

disproportionate harm, thereby leading to a case of disparate impact on 

protected groups. This not only undermines principles of fairness and equal 

opportunity but also erodes trust in institutions that rely on automated decision-

making. A narrow focus on self-interest can therefore incentivize cost-saving 

automation while neglecting moral responsibility to ensure accuracy, equity, 

and transparency. 

Similarly, workplace surveillance technologies and digital inequality 

reveal broader societal risks (Crittenden & Peterson, 2019). AI-driven 

monitoring tools designed to increase productivity or reduce risk can intrude on 

employee privacy, heighten stress, and weaken autonomy. Excessive tracking 

may create cultures of mistrust, where workers may feel that they are reduced 

to data points rather than valued contributors. Beyond the workplace, unequal 

access to education, digital infrastructure and AI-enhanced services can widen 

economic and social divides, leaving disadvantaged communities with fewer 

opportunities (Davies & Starkey, 2020; Elliott & Healy, 2001; Nafei et al., 

2025). When organizations invest in AI solely to optimize returns, they may 

overlook the underlying inequities their technologies reinforce (Eubanks, 2018; 

O’Neil, 2016; Zuboff, 2019). Over time, this approach can damage employee 

morale, alienate customers, intensify social fragmentation, and ultimately 

undermine the very stability and legitimacy upon which sustainable success 

depends. Overall, studies in responsible AI emphasize fairness, accountability, 

human oversight, and stakeholder-centered governance as necessary correctives 

to purely profit-driven technological strategies (Taddeo & Floridi, 2018b). 

Effective AI governance represents the cornerstone of aligning 

organizational self-interest with broader ethical responsibilities. By 

implementing structured policies for transparency, accountability, and fairness, 

organizations can ensure that AI systems support both strategic objectives and 

stakeholder well-being, thereby mitigating risks associated with biased 

algorithms, privacy violations, or unethical workplace monitoring. Human-
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centered design, ethical training, and continuous stakeholder engagement 

complement governance structures by embedding ethical reflection and 

practical safeguards into day-to-day operations, thereby ensuring that AI 

adoption enhances, not undermines, employee autonomy, trust, and 

organizational reputation. Furthermore, a long-term value orientation positions 

governance as a proactive, strategic tool rather than a reactive obligation, 

framing ethical AI practices as drivers of sustainable performance and 

competitive advantage. In this way, AI governance becomes a dynamic 

framework where egoistic motivations are harnessed through responsible 

policies and practices, thereby transforming potential self-interest into 

deliberate, ethically informed strategies that benefit both the organization and 

its broader network of stakeholders. 

Psychological Egoism 

According to psychological egoism, individuals ultimately act to promote 

their own perceived self-interest or to achieve outcomes that provide them with 

satisfaction or psychological reward. From this perspective, ego satisfaction is 

the final aim of all human activity and the fundamental motivating force behind 

behavior. People are therefore understood as incapable of genuine selflessness, 

since even actions that appear generous or morally admirable are interpreted as 

attempts to fulfill personal desires, avoid discomfort, or maintain a positive self-

image (Cavico and Mujtaba, 2013). Every voluntary action, whether motivated 

by pleasure, recognition, emotional relief, or the avoidance of guilt, can be 

viewed as a form of self-advancement or self-fulfillment. The apparent pursuit 

of moral principles, social welfare, or the interests of others does not escape this 

framework; rather, such actions are seen as consistent with an individual’s 

deeper concern for personal psychological benefit (Batson, 2011; Feinberg & 

Shafer-Landau, 2013). A psychological “egoist” rejects the existence of truly 

altruistic acts. Behaviors that appear disinterested or self-sacrificial may instead 

be driven by anticipated rewards such as social approval, reciprocal support, 

emotional satisfaction, or the avoidance of shame or remorse. Individuals may 

help others because doing so enhances their reputation, strengthens social 

bonds, reduces empathic distress, or aligns with their long-term interests. Even 

empathy itself can be interpreted as a mechanism that motivates helping 

behavior because relieving another’s suffering also relieves one’s own 

emotional discomfort. In this view, the desire to be seen as moral, to maintain 

self-respect, or to avoid future negative consequences ultimately reflects the 

same underlying motivation, which is the pursuit of one’s own psychological 

or practical advantage (Cialdini et al., 1997; Cavico et al., 2015; Fehr & 

Fischbacher, 2003). 
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Psychological egoism presents a significant challenge to moral philosophy 

because ethical theories often assume that individuals can act against their self-

interest to pursue moral duties or genuinely altruistic goals. If human beings are 

psychologically constituted to act only in ways that serve their own interests, 

then appeals to selfless moral obligation may have limited practical force. This 

tension is particularly relevant in modern organizational and technological 

contexts, where decision environments increasingly rely on incentive structures 

and behavioral predictions rather than purely moral appeals (Frankena, 1973).  

The integration of AI into decision-making highlights the practical 

implications of psychological egoism. Many AI systems are designed to analyze 

behavioral data, predict choices, and optimize outcomes based on observed 

patterns of human preference and incentive response. If human behavior is 

largely driven by self-interest, as psychological egoism suggests, AI models 

that prioritize utility maximization, performance metrics, or personal gain may 

accurately predict and influence decisions (Russell, 2019). For example, 

algorithmic systems used in hiring, performance management, consumer 

targeting, or resource allocation often assume that individuals respond 

rationally to incentives that enhance their personal outcomes. However, this 

reliance on self-interest–based modeling can also reinforce short-term 

optimization, competitive behavior, or narrow utility calculations unless 

broader ethical constraints are incorporated (Bostrom & Yudkowsky, 2014). 

Consequently, while psychological egoism helps explain the behavioral 

foundations that make predictive AI effective, it also underscores the 

importance of embedding normative ethical guidance into AI-supported 

decision-making. Without such guidance, AI systems may simply mirror and 

amplify self-interested tendencies rather than promote fairness, cooperation, or 

long-term collective well-being. The challenge for organizations and 

policymakers is not only to understand human motivation as described by 

psychological egoism but also to ensure that AI systems are designed to align 

individual incentives with ethical and societal goals. 

A widely cited philosophical foundation for psychological egoism can be 

traced to the work of the British philosopher Thomas Hobbes. Although 

Hobbes’ writings are open to interpretation, a central theme in his thought is 

that human action is fundamentally driven by self-interest. His repeated 

emphasis on human selfishness and the pursuit of personal preservation 

provides an early theoretical basis for the claim that all behavior is ultimately 

motivated by egoistic concerns. Hobbes’ perspective remains influential 

because it frames human decision-making as a process guided less by moral 

ideals than by individual desires, fears, and calculations of personal advantage 

(Hobbes, 1651/1996). 
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Hobbes built his philosophy upon two core assumptions: the rejection of 

any absolute or universally objective standard of good and evil, and a deeply 

pessimistic view of human nature. He described human motivation in terms of 

appetites and dislikes, or forces that draw individuals toward what they desire 

and away from what they fear or dislike. In this framework, motivation is not 

grounded in moral duty or intrinsic virtue but in subjective attraction and dislike 

(Cavico and Mujtaba, 2013). People act because they want to act, and their 

choices reflect their preferences rather than adherence to any higher moral 

order. This reduction of motivation to desire-based choice anticipates modern 

behavioral models that treat decision-making as preference optimization, a 

logic that closely parallels how many contemporary AI systems model human 

behavior. 

For Hobbes, human beings are naturally self-interested, seeking pleasure, 

avoiding pain, and striving for survival and security. Even actions that appear 

generous or cooperative are interpreted as indirect strategies for self-

preservation or long-term benefit. Happiness, in Hobbes’ view, is the continual 

success in obtaining desired outcomes and avoiding threats. The concepts of 

“good” and “bad” therefore have no objective moral meaning; they simply refer 

to whatever an individual desires or seeks to avoid. Self-interest becomes the 

ultimate standard of value, and traditional moral expectations may conflict with 

human nature if they demand genuine self-sacrifice. This subjectivist 

understanding of value is relevant to AI-supported decision-making, where 

programmatic or predictive systems often define “good” in operational terms 

such as efficiency, utility, performance, or user preference rather than intrinsic 

moral worth. 

Hobbes’ famous description of the “state of nature” illustrates the 

consequences of unchecked self-interest. In the absence of authority, 

individuals that are equal in vulnerability and driven by similar desires for 

security and power would live in constant fear, competition, and distrust. This 

condition would produce ongoing conflict and instability, making social 

cooperation and long-term progress impossible. To escape this insecurity, 

individuals would rationally agree to a social contract, surrendering some 

freedom to a sovereign authority capable of enforcing order and maintaining 

peace (as is the case with the formation of United Nations and North Atlantic 

Treaty Organization / “NATO” forces). In this sense, as demonstrated by 

NATO’s response to global challenges over the past few decades, governance 

emerges not from altruism but from rational self-interest and the recognition 

that stability benefits everyone. 

This insight has important implications for the integration of artificial 

intelligence in decision-making. Since AI systems often function as decision 
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authorities in hiring, lending, resource allocation, risk assessment, and policy 

implementation, they can be seen as a form of modern “sovereign” that 

structures incentives and constrains behavior. If human actors are primarily 

motivated by self-interest, then AI governance systems must be carefully 

designed to align individual incentives with collective stability and fairness 

(Bostrom & Yudkowsky, 2014). Without appropriate oversight, optimization 

algorithms may intensify competition, bias, or short-term utility maximization, 

reproducing the digital equivalent of a fragmented state of nature. Conversely, 

well-governed technological systems and modern applications can promote 

coordination, transparency, and trust by enforcing consistent rules and reducing 

uncertainty (Russell, 2019; Spencer, 1970; Weber, 1958). 

Psychology plays a central role in Hobbes’ ethical framework. By 

grounding morality in egoistic motivation, he reframed ethics as a system for 

managing self-interest rather than transcending it. This perspective resonates 

strongly with contemporary AI design, which relies on behavioral data and 

incentive structures to predict and influence decisions. Understanding human 

behavior as interest-driven allows AI to model choices effectively, but it also 

underscores the need for normative safeguards to ensure that automated 

decision systems support social welfare rather than merely amplifying 

individual or organizational self-interest. As such, Hobbes’ fusion of 

psychology, governance, and rational self-preservation remains highly relevant 

in an era where algorithmic systems increasingly shape the structure of human 

decision environments. 

Ethical Egoism  

Ethical egoism is a normative ethical theory asserting that individuals 

ought to act in ways that promote the greatest overall good for themselves. As 

demonstrated in Figure 1, unlike psychological egoism, which describes how 

people allegedly do act, ethical egoism prescribes how people should act. 

According to this view, each person has a moral obligation to pursue his or her 

own self-interest, and actions that undermine one’s long-term advantage are 

morally wrong. Ethical egoism therefore frames moral reasoning as a 

disciplined evaluation of costs and benefits, where one selects the course of 

action that maximizes personal good over time (Cavico and Mujtaba, 2013). 

An ethical egoist functions as a rational calculator, carefully weighing the 

advantages and disadvantages of possible actions. Honesty, promise-keeping, 

cooperation, helping someone with a disability safely cross the street, and law-

abiding behavior are not rejected outright; rather, they are endorsed when they 

serve one’s long-term interests. For example, telling the truth may build trust 

and enhance reputation, making it instrumentally valuable. Similarly, 

participation in organizations, compliance with laws, and fulfillment of 
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responsibilities are justified insofar as they provide stability, protection, or 

material gain. If such conformity ceases to be beneficial, and if negative 

consequences can be avoided, then ethical egoism permits deviation. This logic 

closely parallels many AI-driven decision systems, which evaluate options 

based on measurable outcomes such as efficiency, profitability, risk reduction, 

or performance optimization. 

 

Figure 1. Psychological vs. Ethical Egoism Comparison 
(Created by the author using ChatGPT) 

 

Ethical egoists may differ regarding what constitutes the “good” to be 

pursued, as it can be identified with wealth, pleasure, power, knowledge, self-

realization, or happiness. In business contexts, the dominant interpretation of 

the good is typically financial profit. As a result, ethical egoism often aligns 

with the conventional view that corporations have a primary obligation to 

maximize shareholder value. In AI-integrated business environments, this 

framework becomes particularly visible, such as algorithms used in pricing, 

hiring, investment, supply chain management, and performance analytics are 

frequently designed to optimize profit, productivity, or competitive advantage. 

In this sense, AI systems can operationalize ethical egoism by embedding self-

interest that can be defined in quantifiable organizational terms directly into 

automated decision-making processes such as the modern version of “dynamic 

AI surveillance pricing.” 

However, ethical egoism includes an important moderating principle, 

known as prudence. An enlightened egoist prioritizes long-term benefit over 

short-term gratification. Immediate gains may be sacrificed to secure greater 

future rewards. This long-range perspective often encourages cooperation, 

fairness, and respect for others’ rights, not because these are intrinsically moral, 



730 

 

but because they sustain trust, reputation, and social stability. In practice, 

treating employees well, supporting communities, and upholding ethical 

standards may enhance productivity, reduce turnover, strengthen brand image, 

and improve financial performance. Thus, actions that appear altruistic may still 

align with self-interest when evaluated over an extended horizon. AI systems 

designed with long-term optimization parameters such as sustainability metrics 

or reputational risk models reflect this more sophisticated form of egoistic 

reasoning. 

The defense of ethical egoism has historically been associated with thinkers 

who argued that self-interest, when properly channeled, can promote broader 

social welfare. Bernard Mandeville (1988) contended that private pursuits of 

wealth and pleasure unintentionally generate economic prosperity. Similarly, 

Adam Smith’s “invisible hand” theory (1976) suggested that individuals 

pursuing their own economic interests in competitive markets can 

unintentionally advance the public good. In modern contexts, AI-driven market 

systems amplify this dynamic, where decentralized actors pursuing self-interest 

through algorithmic tools can collectively generate innovation, efficiency, and 

economic growth. Yet this outcome depends on regulatory structures and 

ethical safeguards that prevent harmful externalities. 

The integration of AI into decision-making raises critical questions about 

ethical egoism. If AI systems are programmed solely to maximize profit or 

competitive advantage, they may intensify inequalities, exploit loopholes, or 

disregard broader societal consequences. Conversely, if AI incorporates long-

term strategic reasoning and ethical constraints, it can align self-interest with 

collective benefit, much like the “moderated” egoism envisioned by its 

defenders. Ultimately, ethical egoism provides a powerful framework for 

understanding how AI systems are often structured around optimization, 

measurable outcomes, and strategic self-advancement, while also highlighting 

the need to ensure that such systems balance private gain with public 

responsibility. 

 

Dynamic AI Surveillance Pricing and AI 

Dynamic AI surveillance pricing refers to the use of artificial intelligence 

systems that combine large-scale data collection (“surveillance”) with 

algorithmic pricing models to adjust the prices of goods or services for 

individuals in real time. These systems collect and analyze data such as 

browsing behavior, purchase history, location data, device type, and sometimes 

demographic or inferred socioeconomic indicators. Machine-learning models 

then predict how much a specific consumer is willing or able to pay and 

automatically set personalized prices. While dynamic pricing has long existed 
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in industries like airlines or ridesharing, AI significantly expands its scope by 

enabling far more granular and continuous adjustments across digital platforms 

and retail environments (Bawack et al., 2022; Chandra et al., 2022). Therefore, 

according to Chaudhary (2025, p. 95),  

“The ethical challenges surrounding AI-driven pricing systems demand 

immediate and sustained attention from technologists, policymakers, and 

business leaders who must collaborate to develop robust frameworks that 

ensure these powerful technologies serve broader societal interests rather than 

simply optimizing narrow commercial metrics. The complexity of addressing 

fairness, transparency, and accountability in algorithmic pricing requires 

moving beyond traditional regulatory approaches toward comprehensive 

governance frameworks that can accommodate the technical sophistication and 

global scale of modern AI systems. The pursuit of equitable AI pricing 

necessitates investment in explainable artificial intelligence technologies, the 

development of meaningful transparency mechanisms that bridge technical 

complexity with stakeholder comprehension, and the establishment of 

accountability frameworks that can navigate the distributed responsibility 

structures inherent in complex AI development processes.” 

This concept is relevant to broader discussions about AI decision-making 

because it illustrates how algorithms increasingly make consequential 

economic decisions that affect individuals directly. As shown in Table 2, 

instead of a human setting a single price for all customers, AI systems may 

autonomously evaluate patterns in user data and determine individualized offers 

or prices. Such systems can optimize revenue for companies and improve 

market efficiency, but they also shift decision authority to obscure algorithmic 

processes. This raises questions about transparency, accountability, fairness, 

and explanation, especially when consumers cannot easily understand why they 

were offered a different price than someone else (Chaudhary, 2025). 

Dynamic AI surveillance pricing may raise challenges under U.S. civil 

rights and anti-discrimination frameworks. If AI models rely on data that 

correlates with protected characteristics such as race, gender, age, disability, or 

national origin, then they could produce adverse outcomes that resemble 

discriminatory pricing. Even if protected traits are not directly used, proxy 

variables like location, ZIP codes, purchasing patterns, or device types could 

lead to disparate impacts on protected groups. Laws such as the Civil Rights 

Act, the Fair Housing Act, or consumer protection regulations may become 

relevant if algorithmic pricing disadvantages protected groups. Regulators and 

policymakers are therefore increasingly concerned with such biases and 

discriminatory outcomes which can be stressful for involved stakeholders, and 

the need for auditing and oversight of AI-driven pricing systems (Shah, 2025). 
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Table 2 – Surveillance pricing Links to Psychological and Ethical Egoism 

 

Psychological Egoism  Ethical Egoism 
1 Consumers accept personalized prices 

if it benefits them in the moment (e.g., 

discounts triggered by behavior) 

2 Companies exploit behavioral data 

because they are naturally driven to 

maximize revenue 

3 Users trade privacy for convenience 

because it feels immediately 

beneficial 

4 Price discrimination occurs because 

firms act on profit motives 

instinctively 

5 Consumers respond emotionally to 

urgency cues (e.g., “only 2 left”) due 

to self-interested impulse 

6 Firms track user behavior because 

competitors do the same (self-

preservation) 

7 People may ignore ethical concerns if 

they get a lower price 

8 Data collection expands because it 

increases predictive accuracy and 

profit 

9 Consumers accept unequal pricing if 

they personally benefit 

10 Short-term gains (quick purchases, 

higher margins) dominate decisions 

1 Firms justify dynamic pricing as morally 

acceptable if it maximizes long-term 

profit without violating rules 

2 Companies ought to use data responsibly 

if it sustains trust and long-term self-

interest 

3 Users should protect their data if it 

serves their long-term well-being 

4 Price discrimination is acceptable only if 

it aligns with fair competition and legal 

frameworks 

5 Designers should avoid manipulative 

tactics if they harm long-term customer 

relationships 

6 Firms should adopt surveillance only 

when it creates sustainable competitive 

advantage 

7 People should consider ethical 

implications if exploitation harms them 

indirectly 

8 Data collection should be limited if 

excessive surveillance risks backlash or 

regulation 

9 Firms should ensure transparency if 

opacity risks reputational damage 

10 Long-term gains (brand loyalty, trust, 

stability) should guide pricing 

strategies 

 

 

Recent empirical research highlights the growing mental health 

implications of technostress and algorithmic management. For example, a 2025 

study by Li and colleagues found that algorithmic management among gig 

workers (e.g., food delivery riders) significantly increases stress by framing 

work demands as both “threats” and “challenges,” with perceived threat 

intensifying psychological strain and contributing to burnout through constant 

monitoring and performance pressure. Similarly, Dong et al. (2025) report that 

workers operating under algorithmic control experience moderate to high 

burnout, driven by factors such as real-time surveillance, automated ranking 

systems, and rigid workflow optimization, which reduce autonomy and 

heighten emotional exhaustion. Complementing this, broader techno-stress 

research shows that AI-related stressors, such as overload, uncertainty, and 
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techno-insecurity indirectly diminish quality of life by increasing negative 

affect and emotional fatigue, reinforcing the link between digital work 

environments and mental health outcomes. Together, these studies suggest that 

while AI and algorithmic systems may enhance efficiency, they also introduce 

psychosocial risks that are central to contemporary discussions of worker well-

being. 

Psychological Egoism versus Ethical Egoism  

Psychological egoism is a doctrine grounded in human psychology that 

carries important implications for ethics and decision-making. A psychological 

egoist maintains that understanding nature and limits of human motivation is 

essential for evaluating behavior, since all actions ultimately stem from self-

interest. In this sense, psychological egoism functions as a descriptive theory of 

human nature, which advances the universal claim that every person, under all 

circumstances, is motivated by the pursuit of personal benefit, whether 

immediate or indirect. When considered in the context of AI-driven decision-

making, this perspective becomes especially relevant, as many AI systems are 

designed to model, predict, and optimize human behavior based on patterns that 

often reflect self-interested preferences, incentives, and outcomes. Thus, the 

assumptions behind psychological egoism can influence how algorithms 

interpret human choices and how organizations structure AI-supported 

decisions around predicted motivations.  

Psychological egoism is neither an ethical nor a normative theory. It does 

not prescribe how people ought to behave or justify their actions; rather, it 

explains how people behave based on observed psychological tendencies. A 

moral philosopher seeks ethical principles to determine standards of right 

conduct, whereas a psychological egoist focuses on studying human nature and 

developing explanatory theories of motivation, regardless of their moral 

implications. This distinction is critical for AI integration, since AI systems that 

rely purely on behavioral data operate descriptively, identifying what people 

tend to choose rather than what they should choose. As a result, AI-driven 

recommendations may reinforce existing patterns of self-interest, bias, or short-

term optimization unless guided by ethical frameworks that introduce 

normative considerations beyond raw behavioral prediction.  

Ethical egoism is a normative theory that assumes individuals have the 

capacity to choose their actions and are not strictly bound by psychological 

necessity. According to ethical egoism, individuals are morally obligated to 

promote their own long-term self-interest, though they may support others when 

doing so indirectly benefit them. Prudence and rational calculation provide 

sufficient reasons for action, making ethical egoism a justification for human 

conduct rather than merely an explanation. In AI-supported environments, this 
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logic often appears in decision systems designed to optimize personal or 

organizational utility, such as performance algorithms, incentive structures, or 

resource allocation models that encourage choices aligned with measurable 

self-benefit. 

Psychological egoism explains how decisions are made, while ethical 

egoism attempts to justify how they should be made. If psychological egoism 

is true and individuals are naturally constrained to act in their own interest, then 

prescribing egoistic behavior becomes redundant. This tension highlights an 

important challenge in the integration of AI into decision-making, since systems 

that assume purely self-interested behavior may accurately predict actions but 

risk narrowing decision frameworks to efficiency and personal gain alone. 

Therefore, as AI becomes more embedded in organizational and societal 

choices, it is essential to balance descriptive behavioral modeling with ethical 

oversight to ensure that decision-making technologies do not merely mirror 

human self-interest but also support broader universal values such as fairness, 

responsibility, and collective well-being. 

 

Methodology  

This literature synthesis paper adopts a practical methodology that 

systematically examines classical theories of psychological and ethical egoism, 

interpreting their core assumptions and extending their relevance to 

contemporary organizational contexts shaped by artificial intelligence. 

Psychological egoism is understood as a descriptive account of human 

motivation, suggesting that individuals are inherently driven by self-interest, 

whereas ethical egoism advances a normative claim that individuals ought to 

act in ways that maximize their own interests (Kolb, 2008). Building on this 

distinction, the paper applies these frameworks to modern workplace scenarios, 

with particular emphasis on organizational decision-making processes and AI-

driven strategic initiatives that increasingly influence workforce dynamics, 

productivity, and governance structures. 

The analysis specifically explores illustrative cases such as AI-enabled 

productivity monitoring systems, algorithmic recruitment and hiring platforms, 

and corporate investments in automation technologies. These examples are 

critically examined to determine whether observed organizational behaviors 

align more closely with descriptive egoism, reflecting inherent self-interested 

motivations of firms and decision-makers, or normative egoism, where self-

interest is explicitly justified as an ethical basis for action. In doing so, the paper 

highlights how egoistic orientations may shape organizational priorities, 

including efficiency maximization, cost reduction, and competitive advantage, 
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while also raising concerns regarding employee autonomy, fairness, and 

transparency. 

Furthermore, the study evaluates the ethical risks and potential benefits of 

such AI applications by comparing egoistic decision logics with emerging 

principles of responsible AI and stakeholder-oriented ethics. Prior research 

suggests that AI ethics frameworks often emphasize accountability, fairness, 

and multi-stakeholder responsibility, yet gaps remain in translating these 

principles into practice within organizational settings (Floridi, 2019; Sober, 

2000/2018; Taddeo & Floridi, 2018a). By juxtaposing egoistic theories with 

these broader ethical paradigms, the paper seeks to assess whether a synthesis 

of psychological and ethical egoism can offer a more realistic and actionable 

lens for understanding and guiding organizational AI behavior. Ultimately, this 

approach contributes to bridging theoretical philosophy and applied AI ethics, 

particularly in addressing tensions between self-interest and collective well-

being in technologically mediated workplaces.  

The literature review was conducted using a structured methodology 

designed to ensure both conceptual depth and relevance to contemporary 

organizational contexts. Source selection followed clearly defined criteria as 

several reputable publications and authoritative academic texts written in 

English were included to maintain linguistic consistency and scholarly rigor. 

The time-based scope prioritized works mostly published from the 1950s 

onward (Batson, 2011; Bostrom and Yudkowsky, 2014; Fehr and Fischbacher, 

2003; Russell, 2019; Sober, 2018) to capture developments in artificial 

intelligence and organizational ethics, while also incorporating seminal earlier 

contributions, such as those by Thomas Hobbes, Adam Smith, Elliott Sober, 

and David Kolb, to ground the analysis in foundational theory. Sources were 

retrieved from major databases, including Scopus, Web of Science, and Google 

Scholar, using keyword combinations such as “psychological egoism,” “ethical 

egoism,” “AI ethics,” and “organizational decision-making.” This ensured 

comprehensive coverage across philosophy, management studies, and 

technology ethics. 

Following retrieval, sources were systematically organized and filtered 

through a multi-stage screening process. Initial results were catalogued and 

deduplicated, after which 52 titles and abstracts were reviewed to exclude 

irrelevant or non-scholarly materials. Full-text screening was then applied to 13 

articles to assess conceptual alignment with the study’s focus on egoism and AI 

in organizational settings, resulting in a refined dataset for analysis. Illustrative 

cases, 2 tables and 2 figures were added based on relevancy to enrich the 

content. The Microsoft Word software package was used as the primary tool to 

support these procedures: it facilitated the creation of structured process for 
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source classification (e.g., theoretical vs. applied studies), annotation of key 

arguments, and thematic coding through highlighting and comment features. 

Additionally, Microsoft’s Word document association functions allow 

researchers to group sources by conceptual categories such as descriptive versus 

normative egoism and AI application domains, thereby supporting a coherent 

synthesis of the literature review process. 

Analysis & Discussion 

The integration of AI into workplace systems reveals strong evidence of 

psychological egoism at both individual and organizational levels. Employees 

often optimize their behavior to satisfy algorithmic metrics, sometimes 

prioritizing measurable outputs over creativity, collaboration, or well-being. 

Similarly, organizations adopt AI primarily to improve efficiency, reduce labor 

costs, and strengthen competitive advantage.  

Ethical egoism appears in strategic decision-making where companies 

justify automation, data collection, or workforce restructuring based on long-

term profitability. While such actions may be rational from a business 

perspective, they can create ethical tensions related to layoffs, job 

displacements, privacy, and fairness. The AI context also exposes limitations 

of egoistic theories since overemphasis on self-interest can erode trust, damage 

organizational culture, and generate reputational risk. For example, excessive 

algorithmic surveillance may increase short-term productivity but reduce 

morale and increase turnover. Likewise, biased AI systems may optimize 

outcomes for efficiency while producing discriminatory results by imposing an 

adverse impact on protected groups.  

At the societal level, unregulated egoistic AI deployment may contribute 

to inequality, labor market disruption, and concentration of technological power 

under the control of few elites. These outcomes suggest that purely egoistic 

frameworks are insufficient for governing AI in complex socio-technical 

environments. 

Comparisons with Established Research 

The analysis, findings, and reflections of this article strongly align with 

experimental findings by Ernst Fehr and Urs Fischbacher (2003), who 

demonstrate that human behavior frequently departs from strict self-interest. 

While the present study critiques psychological egoism for failing to account 

for altruistic and fairness-driven actions, Fehr and Fischbacher’s laboratory 

experiments similarly show that individuals are willing to sacrifice personal 

gain to reward cooperation or punish unfairness. This convergence reinforces 

the article’s claim that AI systems based solely on utility maximization risk 

misinterpreting human motivations. However, whereas the current article 
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extends this insight into AI system design, Fehr and Fischbacher focus 

primarily on economic game settings, leaving a gap that this research fills by 

applying these behavioral insights to organizational AI contexts. 

A comparable perspective emerges in the work of Daniel Batson (2011), 

whose empathy–altruism hypothesis provides empirical support for genuinely 

other-regarding motivations. Batson’s studies indicate that empathic concern 

can produce helping behavior even when no personal benefit is expected, 

directly challenging the core assumption of psychological egoism discussed in 

this article. The present study builds on this by arguing that AI systems trained 

on behavioral data may fail to distinguish between self-interested and empathy-

driven actions. Unlike Batson’s controlled psychological experiments, 

however, this article situates altruism within complex organizational and 

technological environments, highlighting how misinterpretation at scale could 

distort hiring, evaluation, and governance decisions. 

The critique of psychological egoism in this article also resonates with the 

philosophical analysis of Elliott Sober (2018), who argues that this theory is 

often unfalsifiable because it can attribute hidden selfish motives to any 

behavior. Both Sober’s work and the present study emphasize that such 

“falsifiability” weakens explanatory power. The article extends this critique by 

drawing a novel parallel to AI analytics, suggesting that rigid modeling 

assumptions can similarly “force-fit” human behavior into predefined 

categories. This comparison advances Sober’s argument by demonstrating its 

practical implications in modern algorithmic systems, where theoretical flaws 

can translate into real-world bias and misclassification. 

In contrast to the article’s skepticism toward purely self-interested models, 

Nick Bostrom and Eliezer Yudkowsky (2014) emphasize the risks of 

misaligned optimization in AI systems. Their work highlights how systems 

designed to pursue narrow objectives may produce unintended and harmful 

outcomes. The current article complements this by identifying psychological 

egoism as one such narrow objective framework when embedded in AI. While 

Bostrom and Yudkowsky focus on long-term existential risks and alignment 

problems, this study brings the discussion into organizational settings, 

illustrating how similar dynamics can affect workplace decision-making, 

fairness, and trust on a more immediate scale. 

The discussion of ethical egoism’s limitations, particularly its difficulty in 

resolving conflicts and ensuring impartiality, parallels arguments made by 

Thomas Nagel (1970), who critiques the inability of egoistic frameworks to 

justify why one individual’s interests should outweigh another’s. Both Nagel 

and this article identify partiality as a central weakness. However, the present 

research extends this philosophical critique into AI governance, showing how 
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stakeholder-biased optimization can lead to discriminatory or inequitable 

algorithmic outcomes. This represents a practical elaboration of Nagel’s 

abstract critique, demonstrating how classical ethical problems manifest in 

technological systems. 

Similarly, the article’s concerns about competitive conflicts under ethical 

egoism aligns with findings in algorithmic game theory and market behavior 

studies, such as those influenced by John Nash (1950). Nash’s equilibrium 

models show that individually rational strategies do not always lead to 

collectively optimal outcomes. The present study echoes this insight by 

highlighting how AI systems optimizing self-interest in competitive 

environments such as pricing algorithms or financial trading can produce 

instability or inefficiency. Unlike Nash’s formal models, however, this article 

incorporates ethical analysis, arguing that such outcomes are not merely 

inefficient but potentially unjust and socially harmful. 

The article’s engagement with the “invisible hand” argument also finds a 

point of comparison with contemporary critiques of market-driven AI, 

particularly in the work of Stuart Russell (2019). Russell argues that systems 

designed to optimize fixed objectives, such as profit or engagement, can conflict 

with broader human values. This aligns closely with the article’s claim that it 

appeals to collective benefit often masks underlying egoistic reasoning. The key 

difference lies in emphasis, as Russell focuses on technical alignment solutions, 

whereas the present study foregrounds philosophical analysis, suggesting that 

the root problem may lie in the ethical assumptions embedded in system design. 

Finally, the article’s discussion of relativism and persuasion in relation to 

the Sophists parallels the framework proposed by Luciano Floridi and Josh 

Cowls (2019), who advocate for principled AI governance grounded in fairness, 

accountability, and transparency. Both works recognize the danger of data-

driven relativism and persuasive technologies that prioritize effectiveness over 

truth. However, this article uniquely connects these modern concerns to 

classical Sophist philosophy, offering a historically grounded perspective on 

contemporary AI ethics. By doing so, it extends Floridi and Cowls’ framework, 

illustrating that current challenges are part of a longstanding philosophical 

tension between relativism and objective moral standards. 

Psychological Egoism Implications 

Psychological egoism is particularly vulnerable to criticism because it can 

be challenged by everyday counterexamples. The doctrine claims that human 

actions are motivated solely by self-interest, yet ordinary experience frequently 

reveals behavior that appears to contradict this claim. People routinely perform 

dutiful, compassionate, charitable, and even heroic actions that seem 

inconsistent with personal gain. Many such actions involve sacrifice, risk, or 
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inconvenience without any expectation of reward. These observations suggest 

that human motivation cannot be fully explained by selfish desire alone. This 

limitation is especially important in the context of AI-supported decision-

making, since systems that assume purely self-interested behavior may 

misinterpret human intentions or undervalue cooperative, ethical, or mission-

driven choices. 

Individuals often experience the demands of duty or moral obligation in 

the same compelling way they experience personal desires. People may act 

because they believe something ought to be done, even when doing so conflicts 

with their own interests. In many cases, people choose to advance the welfare 

of others despite receiving no material or reputational benefit. Acts of 

emergency assistance, anonymous generosity, or extreme self-sacrifice 

illustrate that moral commitment, empathy, and principle can override self-

interest (Dunne and Mujtaba, 2013). When AI systems model human decision-

making only through incentive optimization or utility maximization, they risk 

overlooking these moral motivations and reducing complex ethical reasoning 

to narrow behavioral predictions. 

Although self-interest is clearly an important part of human psychology, it 

is tempered by sympathy, compassion, and genuine concern for others. People 

may derive satisfaction from helping, but this does not mean that their primary 

aim is personal pleasure. Rather, satisfaction may be a by-product of acting on 

sincerely other-regarding values. Human motivation is often mixed and 

multidimensional, combining personal benefit, social responsibility, emotional 

connection, and moral identity. This complexity presents a challenge for AI 

systems that rely heavily on historical behavioral data, because past actions 

driven by context, emotion, or ethical commitment may be difficult to interpret 

through purely self-interest–based models (Fehr & Fischbacher, 2003). 

A common logical mistake within psychological egoism is the assumption 

that because all actions are motivated by a person’s desires, all actions must 

therefore be selfish. The crucial distinction lies in the object of the desire. If an 

individual genuinely desires another person’s well-being and acts to promote it, 

the motivation cannot reasonably be described as selfish. Similarly, the fact that 

someone feels good after performing a generous act does not mean that the act 

was performed solely for the sake of that feeling. Confusing self-motivation 

with self-interest oversimplifies human psychology. For AI design, this 

distinction matters since systems that equate all observed behavior with self-

interest may reinforce competitive or individualistic outcomes, even in 

environments where cooperation and collective welfare are central goals 

(Fernandes et al., 2025). 
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Another weakness of psychological egoism is its tendency to invoke hidden 

or unconscious selfish motives whenever apparently altruistic behavior is 

observed. Because such unconscious motives are difficult to verify or falsify, 

the theory can become strict rather than empirically grounded. If any action, no 

matter how selfless, can be explained away as secretly selfish, the theory loses 

its clarifying power. This concern parallels a risk in AI analytics: when models 

are built on rigid assumptions about human motivation, they may force complex 

behaviors into predetermined categories, thereby producing biased 

interpretations and overconfident predictions. 

A more realistic understanding of human behavior recognizes that 

significant decisions often arise from mixed motives. People frequently care 

about fairness, social impact, professional ethics, and the well-being of others, 

even when doing so, carries personal costs. The key question is not whether 

self-interest exists, but whether individuals are capable of genuinely being 

concerned about others, and evidence suggests that they are. Ignoring these 

motivations can lead to flawed decision systems. In AI-integrated environments 

such as hiring, performance evaluation, healthcare, public policy, or financial 

services, overly narrow behavioral assumptions may produce outcomes that 

undermine trust, cooperation, and a healthy organizational culture (Mujtaba, 

2026). 

Perhaps the most serious risk of an uncritical acceptance of psychological 

egoism is the cynicism it can promote. If decision systems are built on the 

assumption that people are purely self-interested, they may normalize 

competitive, short-term, or opportunistic behavior. In contrast, responsible AI 

design should recognize the full range of human motivations and incorporate 

ethical principles such as fairness, accountability, and social responsibility 

(Russell, 2019). As AI increasingly influences high-stakes decisions, aligning 

algorithmic systems with both human behavioral realities and moral values is 

essential to avoid reinforcing a culture of self-interest at the expense of 

collective well-being (Bostrom & Yudkowsky, 2014). 

Ethical Egoism Implications 

A central difficulty with ethical egoism lies in determining which available 

action will truly maximize one’s long-term self-interest. In real-world 

situations, modern working adults face multiple options, uncertain outcomes, 

and incomplete information. Predicting distant consequences is inherently 

complex, and even when people recognize that a future benefit outweighs an 

immediate gain, they may still choose short-term satisfaction. This limitation 

becomes especially relevant in AI-driven decision systems. While algorithms 

are designed to calculate optimal outcomes based on available data, they are 

constrained by the quality of their inputs, embedded assumptions, and 
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forecasting models. Like human egoists, AI systems can miscalculate long-term 

effects or prioritize measurable short-term gains such as quarterly profits or 

performance metrics over sustainable value. 

Ethical egoism is also criticized for its partiality. It privileges the interests 

of the individual decision-maker above all others without providing a 

compelling reason why one person’s interests should count more than another’s. 

If no rational distinction justifies this preference, the theory appears arbitrary. 

This challenge mirrors concerns in AI governance: when AI systems are 

designed primarily to optimize the interests of a single stakeholder, such as 

shareholders, executives, or dominant market actors, they may neglect broader 

social impacts. The absence of impartiality can produce biased outcomes, 

reinforcing inequalities or externalizing costs onto less powerful groups. 

Another problem arises from internal inconsistency. If two individuals seek 

the same scarce resource, ethical egoism may direct both to pursue it 

exclusively, even though only one can succeed. The same action could thus be 

deemed morally right for one person and morally wrong for another, generating 

contradictory moral judgments. In AI contexts, this conflict appears in 

competitive algorithmic environments, such as high-frequency trading systems, 

dynamic pricing models, or automated negotiations, where multiple agents 

optimize self-interest simultaneously. Without regulatory constraints, such 

systems can escalate into destabilizing competition, market manipulation, or 

resource depletion. 

Defenders of ethical egoism often argue, following the logic of Adam 

Smith’s “invisible hand,” that if everyone pursues self-interest, collective 

welfare will ultimately improve. However, this defense subtly shifts toward 

utilitarian reasoning by appealing to overall social benefit rather than exclusive 

self-advantage. In AI integration, a similar tension exists. Organizations may 

justify profit-maximizing algorithms by claiming that innovation, efficiency, 

and growth will benefit society at large. Yet this broader justification relies on 

social welfare considerations that extend beyond strict egoism. If AI systems 

generate harmful side effects, such as job displacement, privacy violations, or 

discriminatory outcomes, the appeal to self-interest alone becomes ethically 

insufficient. 

Ethical egoism lacks an objective standard for resolving conflicts between 

competing desires. If “good” simply means what advances one’s personal aims, 

then disagreements may devolve into power struggles. In environments where 

multiple actors aggressively pursue self-interest, cooperation deteriorates and 

disputes may be resolved through dominance rather than fairness. Similarly, AI 

systems operating without ethical guardrails can intensify adversarial 

dynamics, particularly in areas such as cybersecurity, political influence 
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campaigns, or competitive markets. Unregulated optimization risks creating 

digital ecosystems marked by mistrust, manipulation, and strategic exploitation. 

The theory of ethical egoism further assumes that self-interest will operate 

within prudent limits. As witnessed by numerous cases of public and private 

sector leaders, purely egoistic actors have little reason to respect constraints 

when violating them produces advantage. In business or technological settings, 

this could translate into exploitative labor practices, monopolistic behavior, or 

irresponsible data usage if such actions enhance competitive standing. AI 

magnifies this risk because automated systems can execute strategies at scale 

and speed. Without regulatory frameworks, transparency requirements, and 

ethical oversight, algorithmic decision-making may erode trust and social 

stability rather than enhance them. 

Hedonism, a related egoistic doctrine, equates the good with personal 

pleasure. While classical thinkers such as Epicurus (1994) advocated a refined 

and moderate pursuit of pleasure which emphasized intellectual growth, 

friendship, and tranquility, yet the theory ultimately remains subjective. 

Individuals differ widely in what they find pleasurable or valuable. Similarly, 

AI systems that optimize user engagement, satisfaction scores, or consumption 

metrics must rely on subjective and shifting indicators of “preference.” Without 

an objective normative standard, such systems risk amplifying superficial or 

harmful desires (i.e. “hooking” young kids on mindless videos via Facebook, 

YouTube, TikTok or other platforms) simply because they generate measurable 

satisfaction. 

In sum, ethical egoism provides a clear and seemingly rational model of 

decision-making centered on self-advantage, but it struggles to resolve 

conflicts, justify impartiality, or establish objective moral standards. When 

embedded into AI systems, its weaknesses can be magnified. AI-driven 

decision-making narrowly focused on optimization of self-interest, whether 

defined as profit, efficiency, or engagement, may unintentionally foster 

instability, inequality, and ethical erosion. Therefore, while egoistic reasoning 

may inform strategic calculation, the responsible integration of AI requires 

broader ethical principles, cooperative frameworks, and enforceable constraints 

to ensure that technological advancement supports long-term social well-being 

rather than unchecked competitive self-assertion. 

Sophists and Decision-Making 

The term “Sophist” originally referred simply to a teacher, intellectual, or 

practitioner of wisdom. The Sophists rose to prominence in fifth-century B.C. 

Greece during a time of profound political and social change (Cavico and 

Mujtaba, 2013). As democracy expanded, opportunities for advancement 

increasingly depended on persuasive skill, education, and the ability to succeed 
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in public debate. The Sophists traveled from city to city offering instruction, 

particularly in rhetoric, law, and politics, to those who could afford their fees. 

In a society without formal universities or professional legal institutions, they 

became the first professional educators, equipping ambitious citizens with 

practical tools for influence and success. 

Because they encountered diverse cultures, customs, and belief systems 

throughout the Greek world, the Sophists developed a tendency toward 

relativism. Although they did not form a unified philosophical school, many 

shared skepticisms about absolute truth and objective moral standards. Their 

teachings emphasized practical effectiveness over the discovery of timeless 

truths. This emphasis on persuasion, strategy, and context-sensitive reasoning 

bears striking parallels to contemporary AI systems. Much like the Sophists 

trained individuals to argue persuasively on either side of an issue, AI models 

can generate arguments, analyze competing perspectives, and optimize 

communication strategies based on audience data. Modern large language 

models, recommendation systems, and targeted advertising algorithms reflect a 

similar focus on rhetorical effectiveness rather than intrinsic moral truth (Floridi 

& Cowls, 2019). 

A central Sophist figure, Protagoras, is credited with the statement, “Man 

is the measure of all things” (Plato, 1997a). This claim has commonly been 

interpreted as expressing moral and epistemological relativism: what is true or 

good depends on the individual perceiver. If morality is relative to each person 

or community, then there are no universal standards by which disputes can be 

decisively resolved. In contemporary AI ethics, similar concerns arise regarding 

data-driven relativism. Machine learning systems derive patterns from 

historical data, which reflect the beliefs, behaviors, and biases of populations at 

specific times. Without objective normative standards embedded into their 

design, AI systems risk reinforcing local or majority perspectives aligned with 

utilitarianism rather than upholding impartial ethical principles (Russell, 2019). 

Thus, the Sophist challenge, regardless of whether objective standards exist 

beyond convention, remains deeply relevant for the modern era. 

The Sophists’ emphasis on rhetoric also has modern equivalents in digital 

persuasion technologies. They taught students how to make weaker arguments 

appear stronger and how to influence public opinion effectively. Today, AI-

powered systems perform comparable functions in political messaging, targeted 

advertising, and information campaigns. The ethical concern is that persuasive 

power, when detached from commitment to truth, can enable manipulation or 

misinformation. This risk mirrors ancient criticisms of sophistry as overly 

clever yet morally unanchored argumentation. As AI becomes more capable of 
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generating convincing text, images, and videos, the boundary between 

persuasion and deception becomes increasingly fragile. 

Thrasymachus, depicted in Plato’s Republic (1997b), advanced a more 

radical claim that justice is merely the interest of the stronger. Laws, he argued, 

reflect the will of those in power, and “might makes right.” This perspective 

resonates with contemporary debates about technological power and 

algorithmic governance. When AI systems are controlled by powerful 

corporations or states, their design priorities may reflect the interests of those 

institutions rather than broader societal values. If decision-making authority 

increasingly shifts to algorithmic systems, concerns about fairness, 

accountability, and concentration of power intensify (Bostrom & Yudkowsky, 

2014). Without transparency and regulatory oversight, AI could inadvertently 

embody a modern form of Thrasymachus’s doctrine, as technological 

dominance becomes substitutes for moral justification. 

Despite the criticisms directed at them, the Sophists contributed 

significantly to ethical reflection. By questioning assumptions about truth, 

morality, and law, they forced later philosophers, especially Socrates, to 

articulate more rigorous foundations for ethics. Similarly, AI’s rise compels 

contemporary societies to clarify ethical principles that might otherwise remain 

implicit. Questions about bias, responsibility, fairness, and truth in algorithmic 

systems echo the Sophists’ challenge: are moral standards objective, or are 

they socially constructed and subject to power dynamics? 

In sum, the Sophists’ legacy illuminates enduring tensions between 

persuasion and truth, relativism and objectivity, power and justice. As AI 

systems increasingly shape decision-making in law, politics, business, and 

public discourse, these ancient debates acquire renewed urgency (Gudi et al., 

2025). Integrating AI responsibly requires not only technical sophistication but 

also a commitment to ethical standards that transcend mere effectiveness or 

dominance. The Sophists remind us that intellectual skill without moral 

grounding can produce influence, but not necessarily justice. As such, corporate 

training and development programs, as well as academic institutions must focus 

on the ethical integration and usage of new technology applications in the 

modern workplace (Joullié et al., 2021; Kennedy et al., 2002; Wilden et al., 

2017).  

Recommendations 

Psychological egoism and ethical egoism offer a useful lens for 

understanding professional behavior in AI-enabled workplaces. In modern 

organizations, especially those integrating algorithmic systems into decision-

making, these theories help explain why employees may prioritize efficiency, 

performance metrics, or personal advancement. However, when self-interest 
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becomes narrowly defined or focused only on productivity or surveillance-

based accountability, it can intensify pressure, reduce autonomy, and contribute 

to stress and burnout (Mujtaba and McCartney, 2010; Mujtaba et al., 2023; 

Mujtaba and Myers, 2022; Tran et al., 2020). AI systems that track output, 

predict performance, or automate oversight may amplify these tendencies, 

reinforcing a workplace culture where perceived self-interest is tied to constant 

optimization rather than well-being and ethics (Mujtaba, 2025b). 

From a mental health perspective, psychological egoism highlights how 

individuals adapt to environments that reward self-serving behaviors. In AI-

driven workplaces, professionals may feel compelled to align their actions with 

what algorithms value (i.e. speed, accuracy, or compliance) sometimes at the 

expense of collaboration or intrinsic motivation. This can lead to emotional 

exhaustion, reduced job satisfaction, and a sense of alienation. When workers 

internalize the belief that everyone is acting primarily out of self-interest, trust 

within teams may erode, further isolating individuals (Karanis and Mujtaba, 

2024). Over time, such environments can foster anxiety, disengagement, 

incivility, and suicidal ideation, particularly if employees feel that their worth 

is reduced to quantifiable outputs rather than holistic contributions (William et 

al., 2026; Zeeshan et al., 2024). 

Ethical egoism, when interpreted narrowly, may justify these dynamics by 

framing self-interest as not only natural but morally appropriate. In high-

performance AI environments, this can legitimize competitive behaviors, data 

hoarding, or minimal concern for colleagues’ well-being (Kaweevisultrakul et 

al., 2009). Yet an enlightened self-interest believe would suggest that long-term 

personal benefit is tied to ethical conduct, cooperation, and sustainable 

practices. This shift is crucial for mental health because when professionals 

recognize that supporting others, maintaining integrity, and fostering trust 

ultimately benefits them, workplace relationships improve, and psychological 

strain decreases. Ethical egoism, in this broader sense, can support healthier 

organizational cultures if it is aligned with collective well-being. 

The integration of AI adds another layer and level of complexity. Systems 

that automate decisions or recommend actions may distance professionals from 

moral responsibility; a phenomenon sometimes linked to “moral deskilling.” 

When individuals rely heavily on AI outputs, they may feel less agency in their 

work, which can undermine their sense of purpose and increase stress. 

Psychological egoism would predict that individuals adapt by protecting their 

own interests, perhaps by deferring to AI to avoid blame, while ethical egoism 

raises the question of whether such behavior is justifiable. If responsibility is 

diffused between humans and machines, professionals may experience moral 
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uncertainty or even cognitive dissonance, which is a known contributor to 

anxiety and ethical fatigue. 

These issues are particularly significant in the healthcare industry, where 

decisions directly affect patient outcomes and ethical stakes are high. 

Healthcare professionals already operate under intense emotional and cognitive 

demands, and the introduction of AI for such functions as diagnostic algorithms 

or patient monitoring systems can both alleviate and exacerbate these pressures. 

If AI systems are implemented in ways that prioritize efficiency over patient-

centered care, practitioners may experience moral distress, feeling that their 

professional values are compromised. Psychological egoism helps explain how 

clinicians might cope by focusing on self-preservation, while ethical egoism 

underscores the need to align self-interest with patient welfare and professional 

ethics. As such, understanding these egoism theories is important for designing 

AI-enabled workplaces that support mental health, particularly in healthcare. A 

balanced approach that integrates self-interest with broader ethical 

responsibility can mitigate the negative psychological effects associated with 

AI adoption. When organizations frame well-being, ethical practice, and 

stakeholder trust as part of professionals’ long-term self-interest, they create 

conditions where both individuals and systems can thrive. This alignment is 

essential in healthcare, where the mental health of professionals is closely 

linked to the quality and safety of patient care, making ethical AI integration 

not just an organizational concern but a societal imperative. 

 

Figure 2. Ethical AI Integration Essentials  
(Created by the author using ChatGPT) 
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As visualized in Figure 2, the findings underscore that responsible AI 

governance and human-centered design are fundamentally interconnected for 

good mental health of all professionals in the modern workplace. The model 

presents an integrated framework for ethical AI in the workplace, illustrating 

how five core elements function as an interdependent system rather than 

isolated components. At the center, “Ethical AI in the Workplace” represents 

the overarching goal of achieving sustainable and trustworthy AI, while the 

surrounding elements (responsible AI governance, human-centered design, 

long-term value orientation, ethical training and leadership, and stakeholder 

engagement) are arranged in a circular flow to emphasize continuous 

interaction. Responsible AI governance provides guiding rules and 

accountability structures that shape system development, which in turn informs 

human-centered design focused on user needs and ethical considerations. This 

design orientation supports a long-term value perspective, ensuring that AI 

outcomes prioritize sustainability over short-term gains. Ethical training and 

leadership translate these principles into practice by equipping decision-makers 

to apply and uphold them, while stakeholder engagement ensures inclusivity, 

feedback, and legitimacy across diverse groups. The circular connections 

indicate that each component reinforces and depends on the others, forming a 

dynamic cycle that collectively sustains ethical, effective, and socially 

responsible AI systems. 

Because the article demonstrates that human motivation is not reducible to 

pure self-interest, governance frameworks must move beyond narrow 

optimization metrics and incorporate principles such as fairness, accountability, 

and transparency, ideas strongly emphasized by Luciano Floridi. At the same 

time, human-centered design operationalizes these governance principles by 

ensuring that AI systems are built around real human needs, including empathy, 

moral judgment, and social context rather than purely behavioral predictions. 

In practice, governance provides the ethical “rules,” while human-centered 

design ensures those rules are embedded into system architecture, creating AI 

tools that better reflect the complexity of human decision-making rather than 

reinforcing reductive, egoistic assumptions. 

These insights also highlight the importance of a long-term value 

orientation in conjunction with ethical training and leadership. The critique of 

ethical egoism shows that short-term self-interest, whether pursued by 

individuals or encoded into algorithms, can produce instability, inequity, and 

loss of trust. A long-term perspective, aligned with the work of Stuart Russell, 

shifts organizational priorities toward sustainable outcomes, such as employee 

well-being, societal impact, and reputational integrity. However, such a shift 

cannot occur without leadership that is ethically informed and capable of 
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interpreting AI outputs critically. Ethical training equips leaders and employees 

to recognize when algorithmic recommendations reflect biased or overly 

narrow assumptions, enabling them to intervene and align decisions with 

broader organizational and societal goals. Thus, leadership acts as the bridge 

between technical systems and moral accountability. 

Finally, stakeholder engagement serves as the integrative mechanism that 

connects governance, design, and long-term thinking. The article’s emphasis on 

mixed human motives and the limitations of egoistic frameworks implies that 

no single perspective, whether managerial, technical, or shareholder-driven, is 

sufficient for responsible AI deployment. Engaging diverse stakeholders, 

including employees, customers, regulators, and affected communities, ensures 

that AI systems reflect a plurality of values rather than a single self-interested 

objective. This participatory approach reinforces governance standards, 

informs human-centered design choices, and supports long-term value creation 

by building trust and legitimacy. Collectively, these elements form a mutually 

reinforcing system where governance sets expectations, design implements 

them, leadership sustains them, and stakeholder engagement validates and 

evolves them over time. 

Modern organizations should adopt a balanced approach that integrates 

strategic self-interest with broader ethical responsibility to overcome flawed 

practices both in learning and in managing the workplace (Groves, 2005; 

Taddeo & Floridi, 2018b; Woodside, 2016). As such, the following are baseline 

recommendations for the ethical integration of AI into organizational 

governance, design, value orientation, learning, reflection, training, and 

engagement (Krishen et al., 2014; Mujtaba, 2024; Munoz et al., 2022; Yang et 

al., 2018): 

1. Responsible AI governance: Establish policies that ensure fairness, 

transparency, and accountability in AI systems. 

2. Human-centered design: Prioritize employee well-being, autonomy, 

and meaningful work when implementing automation and monitoring 

tools. 

3. Long-term value orientation: Recognize that trust, reputation, and 

organizational culture are strategic assets aligned with enlightened 

self-interest. 

4. Ethical training and leadership: Educate managers and employees 

about ethical decision-making in AI-enabled environments. 

5. Stakeholder engagement: Consider the interests of employees, 

customers, and society when evaluating AI investments. 

These recommendations can be understood through the lens of 

psychological and ethical egoism by framing organizational ethics as an 
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extension of rational self-interest rather than a rejection of it. From a 

psychological egoism perspective, organizations naturally pursue strategies that 

enhance efficiency, competitiveness, and survival; thus, practices such as 

responsible AI governance and human-centered design can be interpreted as 

responses to underlying self-interested motivations to avoid reputational 

damage, regulatory penalties, and employee disengagement. Ethical egoism, in 

turn, provides normative justification for these actions by suggesting that 

organizations ought to act in ways that advance their long-term interests, which 

aligns with adopting transparent, fair, and accountable AI systems as well as 

investing in relevant ethical training and leadership. The emphasis on long-term 

value orientation reflects a form of “enlightened self-interest,” where fostering 

trust, strong organizational culture, and stakeholder relationships ultimately 

benefits the firm’s sustained performance. Similarly, stakeholder engagement 

can be reconciled with egoistic theory by recognizing that attending to the needs 

of employees, customers, and society contributes to stability, innovation, and 

legitimacy, all of which serve organizational self-interest over time. In this way, 

the recommendations do not contradict egoism but instead illustrate how both 

psychological and ethical egoism can support a more balanced, strategically 

ethical approach to AI integration in modern organizations. 

These recommendations mitigate the limitations of egoistic decision-

making by constraining narrow, short-term self-interest and redirecting it 

toward more sustainable and ethically aligned outcomes. While egoistic 

approaches, particularly in their simplistic or short-term form, can lead to 

opportunistic behavior, bias in AI systems, and the neglect of stakeholder 

welfare, the introduction of responsible AI governance establishes formal 

accountability mechanisms that reduce the risk of self-serving excesses. 

Human-centered design and stakeholder engagement broaden the decision-

making lens beyond the organization’s immediate gains, ensuring that the 

impacts on employees, customers, and society are systematically considered. 

At the same time, focused periodic ethical training and leadership development 

help decision-makers critically reflect on their motivations, which can reduce 

the likelihood of unconscious bias and purely self-interested reasoning 

(Mujtaba & Seyoum, 2025). Importantly, a long-term value orientation 

reframes self-interest itself, thereby encouraging organizations to recognize that 

trust, fairness, and social legitimacy are essential to enduring success. Together, 

these measures transform egoistic decision-making from a potentially myopic 

and harmful force into a more disciplined, reflective, and strategically 

responsible approach that aligns organizational interests with broader ethical 

and societal outcomes. 
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Organizations seeking to integrate artificial intelligence into their 

operations must adopt a balanced approach that aligns strategic self-interest 

with broader ethical responsibility and value creation for all relevant 

stakeholders (Osborne et al., 2022; Rahimi and Oh, 2024; Sharma et al., 2022). 

An enlightened understanding of ethical egoism should help modern 

professionals to recognize that long-term organizational success depends not 

merely on short-term gains, but on sustainable skills, traits, and practices that 

preserve trust, legitimacy, and social stability (Mujtaba et al., 2026; Mujtaba, 

2025a). Rather than viewing ethics as a constraint on profitability, organizations 

should understand it as a strategic asset that strengthens resilience and 

competitive advantage. The essential recommendations outline how AI can be 

integrated responsibly across governance, design, culture, and stakeholder 

relationships. 

First, responsible AI governance requires the establishment of clear 

policies and oversight mechanisms that promote fairness, transparency, and 

accountability. AI systems often influence hiring, promotion, performance 

evaluation, risk assessment, and customer engagement decisions. Without 

structured governance frameworks, these systems may reproduce bias, obscure 

decision logic, or distribute harm unevenly. Organizations should implement 

ethical review boards, auditing processes, and documentation standards that 

clarify how algorithms function and who is accountable for their outcomes. 

Transparent governance not only mitigates legal and reputational risk but also 

reinforces internal and external confidence in AI-driven decisions. 

Second, human-centered design must remain central when deploying 

automation, analytics, and monitoring technologies. AI tools can increase 

productivity and streamline operations, but if implemented without regard for 

employee autonomy and well-being, they can erode morale and trust. Human-

centered design emphasizes meaningful work, informed consent, and 

participatory implementation. Employees should understand how AI tools 

affect their roles and should have opportunities to provide feedback. When 

automation augments rather than replaces human capabilities, organizations can 

foster innovation while preserving dignity and engagement. 

Third, organizations should adopt a long-term value orientation that 

recognizes trust, reputation, and culture as strategic assets (Pohlman and 

Gardiner, 2000). Short-term optimization models may prioritize cost reduction 

or efficiency gains, but neglecting ethical considerations can undermine 

stakeholder relationships and brand integrity (Deckers & Leclercq, 2022; 

Perkins et al., 2023). Trust once lost is costly to rebuild. By aligning AI 

investments with sustainable performance goals, organizations embody 
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enlightened self-interest, while acknowledging that ethical conduct contributes 

directly to long-term profitability, talent retention, and customer loyalty. 

Fourth, ethical training and leadership development are essential in 

technology-enabled environments (Sosik, 2001; Woodside, 2016). Managers 

and employees must be equipped to understand the ethical implications of 

algorithmic decision-making, including issues of bias, data privacy, 

surveillance, and accountability. Leadership should model ethical reflection and 

encourage open dialogue about modern technology’s impact on attitude and 

performance (Sosik, 2001). Structured training programs can help decision-

makers critically evaluate automated outputs rather than deferring blindly to 

algorithmic authority. Ethical literacy in AI application strengthens 

organizational judgment and reduces the risk of harmful or shortsighted 

decisions (Javed and Mujtaba, 2026). 

Fifth, stakeholder engagement ensures that AI investments reflect a broad 

range of interests rather than narrow organizational advantage. Employees, 

customers, investors, regulators, and community members may experience AI 

systems differently. Engaging these stakeholders through consultation, surveys, 

or advisory panels allows organizations to anticipate unintended consequences 

and adapt proactively based on relevant values. Considering societal impact 

alongside operational efficiency reflects an enlightened form of ethical egoism, 

as organizations ultimately benefit when their actions sustain public trust, social 

legitimacy, and cooperative relationships. By integrating strategic goals with 

ethical foresight, organizations can leverage AI responsibly while advancing 

both performance and principled governance. 

An enlightened form of ethical egoism suggests that organizations 

ultimately benefit from ethical conduct that supports sustainable performance 

and social legitimacy. However, as the following conclusion reminds us, 

training and development are necessary predecessors of effective performance, 

as well as happier and healthier employees:  

 

“Cultivating a continuous learning culture focused on Gen AI is not 

merely a trend but a necessity for organizations seeking to thrive in the 

age of AI. By fostering a growth mindset, integrating learning into the 

workflow, encouraging practical application and experimentation, and 

providing safe testing grounds, leaders can empower their workforce to 

embrace Gen AI and drive innovation. These strategies can lead to 

tangible results, transforming organizations into agile and adaptable 

entities ready to harness the full potential of this transformative 

technology. By investing in continuous learning, organizations are not 

just investing in their employees; they are investing in their future” 

(Tsipursky, 2026, para. 1). 
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Organizations can operationalize this paper’s recommendations through 

concrete strategies embedded in governance structures and day-to-day 

practices. For responsible AI governance, firms should establish cross-

functional AI ethics committees with decision authority, implement algorithmic 

impact assessments prior to deployment, and adopt audit mechanisms such as 

bias testing and explainability reviews. Human-centered design can be 

advanced by integrating employee “feedback loops” into AI system 

development, conducting usability and well-being assessments, and setting 

limits on intrusive monitoring technologies. To reinforce a long-term value 

orientation, organizations should align executive incentives with sustainability 

metrics, ethical performance indicators, and stakeholder trust benchmarks 

rather than short-term financial gains alone. Ethical training programs should 

be continuous and scenario-based, equipping managers and employees to 

recognize ethical dilemmas in AI-enabled environments and apply structured 

decision-making frameworks. Additionally, stakeholder engagement can be 

institutionalized through regular consultations, transparent reporting, and 

participatory design processes that include employees, customers, and 

community representatives in shaping AI initiatives. 

From a policy perspective, these strategies imply the need for both internal 

and external regulatory alignment. Internally, organizations should codify AI 

ethics principles into enforceable policies, link compliance to performance 

evaluations, and require documentation for high-stakes algorithmic decisions. 

Externally, there is a growing need for regulatory frameworks that mandate 

transparency, fairness audits, and accountability standards for AI systems, 

ensuring that organizations cannot rely solely on self-interested discretion. 

Policymakers may also encourage industry-wide standards and certifications 

for responsible AI, promoting consistency and trust across sectors. 

Furthermore, labor policies should address the impact of automation on 

workforce displacement by incentivizing reskilling and protecting worker rights 

in AI-mediated workplaces. Together, these organizational strategies and policy 

implications create a structured environment in which egoistic motivations are 

balanced by accountability, oversight, and long-term societal considerations, 

thereby fostering more responsible and sustainable AI integration. 

Summary  

This study has examined the philosophical foundations of psychological 

egoism and ethical egoism and assessed their relevance to the growing 

integration of artificial intelligence into decision-making processes. By 

revisiting classical thinkers, the analysis has demonstrated that egoism, whether 

descriptive or normative, offers a powerful but incomplete framework for 



753 
 

understanding human motivation and moral judgment. Psychological egoism 

attempts to explain behavior as fundamentally self-interested, while ethical 

egoism prescribes the pursuit of self-interest as a moral duty. Both theories 

provide insight into incentive-driven action, strategic reasoning, and 

competitive dynamics. However, both also encounter serious conceptual and 

practical limitations, particularly when confronted with the complexity of 

human moral experience and social interdependence. 

In contemporary contexts, AI systems often operate on various forms of 

egoistic reasoning. Many algorithmic models are designed to optimize 

measurable objectives such as profit, efficiency, engagement, productivity, or 

risk minimization. These optimization structures resemble ethical egoism in 

practice, by prioritizing defined interests and calculating the most advantageous 

course of action according to specified metrics. Similarly, predictive AI systems 

grounded in behavioral data reflect assumptions aligned with psychological 

egoism, thereby treating human agents as preference-maximizers responsive to 

incentives. In business, finance, marketing, and governance, AI tools frequently 

embed strategic self-advancement directly into automated processes. Yet the 

study has shown that an exclusive reliance on egoistic reasoning, whether 

human or algorithmic, risks producing instability, inequality, and ethical 

erosion. Ethical egoism struggles to resolve conflicts between competing 

interests, justify impartiality, or provide objective standards for adjudicating 

disputes. When translated into AI systems operating at scale and speed, these 

weaknesses may intensify. Competitive algorithmic environments can amplify 

adversarial dynamics, while profit-maximizing models may overlook long-term 

social consequences. The absence of normative constraints can transform 

optimization into exploitation, particularly where power asymmetries exist. 

At the same time, it would be misguided to dismiss egoistic insights 

altogether. Self-interest is a significant component of human behavior and 

institutional design. Prudently structured incentive systems can channel 

individual advantage toward collective benefit, much like the moderated 

interpretations of egoism advanced in classical economic thought. AI systems, 

when properly governed, can help align long-term interests with broader social 

goals to enhance transparency, efficiency, and coordination. The challenge, 

therefore, is not to eliminate self-interest from decision-making frameworks, 

but to situate it within ethically informed boundaries. 

The integration of AI into decision-making compels a reexamination of 

enduring philosophical questions that can be explored in future research: Are 

moral standards objective or relative? Should decision systems privilege 

“particular” interests, or strive for impartiality? Can optimization alone 

generate justice? Can AI be used as an “equalizer” of justice in settling disputes 
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between the weak and strong states? The classical debates surrounding egoism 

illuminate these contemporary concerns. AI, like human agents, requires 

guidance beyond mere calculation of advantage. Embedding principles such as 

fairness, accountability, transparency, and respect for human dignity into 

algorithmic systems is essential if technological advancement is to support 

rather than undermine social trust. 

Understanding psychological egoism and ethical egoism equips 

organizations and professionals to recognize how self-interest shapes behavior 

and to intentionally channel it toward healthier, more sustainable outcomes. By 

reframing self-interest as compatible with ethical responsibility, through 

supportive leadership, human-centered AI design, and value systems that 

prioritize trust and well-being, a workplace can reduce stress, moral distress, 

and burnout while strengthening collaboration and purpose. This integrated 

perspective not only improves individual mental health but also fosters resilient 

organizational cultures where professionals can thrive alongside advancing 

technologies. 

Overall, the study underscores that egoism provides an explanatory lens for 

understanding strategic behavior, but it is insufficient as a comprehensive 

ethical foundation for AI governance. Since AI has become increasingly 

embedded in economic, political, and social institutions, management and 

professional responsibility lies not only in refining technical performance but 

also in articulating and implementing moral frameworks that transcend narrow 

self-interest. The future of AI ethics will depend on balancing rational 

optimization with principled restraint to ensure that intelligent systems 

contribute to sustainable human flourishing rather than merely magnifying 

competitive self-assertion. 

Statement on the Use of AI Tools. Artificial intelligence (AI) was used to 

generate visuals and improve the language content, after which the authors 

checked the text and took full responsibility for its content. 
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trainer on topics such as “Situational Leadership” by the 

Paul Hersey organization, “Seven Habits of Highly 

Effective People” by the Covey Organization, and a 

“Cultural Competency” trainer through the National Multi-Cultural Institute 

(NMCI). He has been involved in leadership, management development, and 

cultural competency education since the late 1990s. Bahaudin worked with 

Publix Super Markets, Inc. in retail management and as a senior management 

development specialist in their human resources department for sixteen years. 

Bahaudin’s research and writing interests are in the areas of human resources, 

leadership, sustainability, international management, and higher education.  

 

J. Preston Jones is Professor of Management in the School of Business, 

Economics, and Technology at Campbellsville University. Before joining 

Campbellsville, Dr. Jones enjoyed a twenty-seven (27) year 

career at Nova Southeastern University's (NSU) H. Wayne 

Huizenga College of Business and Entrepreneurship. In his 

role as dean, he provided the leadership that helped the 

Huizenga College of Business achieve the academic goals 

as part of NSU's Vision 2020. Before entering higher 

education, he served in various engineering and 

management capacities at the Johnson & Johnson family of 

companies for more than 17 years. Preston’s research interests include 

organizational behavior, leadership, and business turn-around strategies.  He 

earned his Doctor of Business Administration and M.B.A. degrees at Nova 

Southeastern University in Fort Lauderdale, Florida. He earned his B.S. in 

Electrical Engineering from Purdue University in West Lafayette, Indiana. 

 


